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Reinforcement Logic

Why Negative Prompting Works Again

For years the rule was “never tell the Al what not to do.” The models changed; the rule
didn't. This paper introduces reinforcement logic — pairing an allowed state with its
forbidden opposite so a single intention is reinforced from both sides — and proves it

with a live three-condition experiment.

ELIZABETH ANN WEST PROMPT-ENGINEERING NEGATIVE-PROMPTING REINFORCEMENT-LOGIC

AI-AUTHORSHIP CRAFT

Executive summary

e For years, the standard advice was to avoid negative prompting — telling the model what not to do

— because early models could not act on it reliably. That advice is now obsolete.

¢ The real goal was never "negation." It was constraint: anticipating the patterns a model will fall into
across a long generation and shaping the context so it breaks them where you want. Constraint is the

key to creativity.

¢ Reinforcement logic (informally, double-negative prompting) pairs an explicit allowed state with its
true opposite not-allowed state inside one structure, so a single intention is reinforced from both

directions. The metaphor: the butterfly needs both wings to fly.

¢ The technique is operationalized as a permissibility checklist: the following is permissible unless it has

an [X] beside it. You change behavior by flipping one marker, not by rewriting prose.

¢ Alive three-condition experiment demonstrates the method: allowing unexpected/unique prose
produces fresh writing; allowing typical prose produces genre-grounded writing; allowing both at

once produces the worst of both — clichés stitched together with strange metaphors.

e Because constraints expressed this way are visible and reversible, reinforcement logic keeps authorial

control where it belongs — an argument for transparent prompting over hidden, hard-coded rules.



Abstract

For years, the standing advice among Al-assisted authors was to avoid negative prompting — telling the
model what not to do — because early models simply could not act on it reliably. That advice is now
obsolete, and continuing to follow it leaves real capability on the table. This paper documents why
negative prompting failed on earlier models, what changed in current ones, and introduces reinforcement
logic (also framed, with a wink, as double-negative prompting): the practice of pairing an explicit allowed
state with an explicit not-allowed state inside a single logical structure, so that one intention is reinforced

from both sides and is far harder for the model to misinterpret.

The method rests on a deceptively simple thesis voiced in the source session: you cannot only tell an Al
how to write a book; you often have to tell it how not to write the book. Constraint, not just instruction, is
the key to creative control — because a language model is at its core a pattern matcher, and the most
useful thing you can do is give it explicit permission to break the pattern in the specific ways you want.
This paper formalizes the technique into a reusable permissibility-checklist format, walks a live three-
condition experiment with real model output, and offers authors guidance on building their own paired

logic statements.

1. The rule we all hard-coded

Ask a room of experienced Al authors a simple question — how many of you avoid negative prompting
like the plague because it doesn't work’?>— and the hands go up. The avoidance is not laziness; it is
learned behavior. With the early models, when you told the system to avoid something, it frequently did
the opposite, or fixated on the very thing you had named. The folk wisdom that grew up around this was
blunt: don't look at where you don't want to go. Don't name the em dash if you don't want em dashes.

Don't mention the cliché you're trying to escape. Just steer positive and hope.

That reflex became so ingrained that many authors have it, in effect, hard-coded — a permanent rule
operating below conscious thought. And for its time, the rule was correct. The honest framing is the useful
one: it was correct then, but it no longer holds. The models changed. The reflex did not.®> This paper exists

to update the reflex.


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=785s
https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=5543s

It is worth being precise about what "the models changed" means, because the claim is easy to wave
away. Earlier systems had a limited capacity to hold a constraint in mind across a long output. Tell such a
model, once, near the top of a prompt, not to do something, and by the time it was four hundred words
into a scene that instruction had effectively evaporated — outcompeted by the local probabilities of the
text it was generating. Current models maintain instructions far more robustly over long spans. The
capability that makes reinforcement logic work simply did not exist a few model generations ago. The
technique is not a clever trick that was always available and overlooked; it is a method that became viable

only once the underlying systems could support it.

2. What "negative prompting" really was — and why it failed

To fix the problem we have to name it precisely, because the popular term is itself misleading. "Negative

prompting" suggests something mystical about negation. The reality is more mechanical.

A language model, at its core, is a pattern matcher that predicts the next likely token. The standard
demonstration: give it "the quick brown ___" and it will reach for fox*, because that is the overwhelmingly

probable continuation. Left to its defaults, the model completes patterns. That is what it is built to do.

Now add a constraint. Tell it: /'m writing an SNL skit, a comedy bit where contestants must guess the next
word — but the funny answer has to be something unexpected, not the obvious one. Suddenly "the quick

brown

" can become poo, bear, UPS ("what can brown do for you?"). Nothing about the model's nature
changed. You changed the context, and in doing so you gave the model permission — and reason — to
run against the pattern instead of completing it. Note the structure of that successful instruction: it did
not merely forbid the obvious answer. It supplied a competing goal (be unexpected) and a guardrail (it still

has to be funny). Two forces, not one. That is the shape of every constraint that works.

This reframes the whole problem. The goal was never "negation" as a grammatical trick. The goal was
constraint?: anticipating the patterns the model will fall into across tens of thousands of words, and
shaping the context so it breaks those patterns where you want it to. Early models could not hold that
kind of layered constraint over long output, so naming a thing to avoid often just reinforced its salience.
The instruction had only one logical direction, and a single-directional instruction is easy to misread. As
the source session puts it: / don't want to call it negative prompting, because negative prompting is not

right — how do you do constraint prompting? How do you do reinforcement logic?


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=982s
https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=902s

That is the question this paper answers. And the philosophical payoff, noted in the session and echoed by
participants, is worth stating plainly: constraint is the key to creativity.® A pattern matcher with no
constraints gives you the most probable, most generic output. The constraints are where your authorship
lives. This is not a metaphor borrowed for effect; it is a direct consequence of how the system works.
Remove every constraint and you converge on the statistical center of the training data — the most
average sentence available. Every constraint you add is a step away from average and toward the specific

book only you intended to write.

3. The lists we already keep — and why they betray us

Here is a pattern nearly every serious Al author will recognize. Over time you build two lists: a list of
stylistic things you want the model to do, and a separate list of things you don't want it to do. A "do this"
list and a "don't do this" list. Many authors have literally built both — a positive ID list of what they like in
books and a negative ID list of what they hate. One participant in the session described doing exactly this
for her own books, and the facilitator's response was telling: that is very similar, but more nuanced — the

lists are the right raw material, assembled the wrong way.

The lists work, a little. But they fail more than they should, and the reason is structural: the two lists live
apart from each other. They are never reconciled into a single logical object. Each instruction points in
only one direction. And a one-directional instruction, dropped into a long generation, is easy for the model
to misinterpret — because nothing in the prompt tells it what the opposite of compliance looks like. You

have given the model one wing and asked it to fly.

The fix is not to abolish the "don't" list and convert everything to cheerful positive prompting. That advice
— just turn that puppy into positive prompting — is incomplete. What you actually need is both, fused:
one intention, expressed as a matched pair, with one side marked allowed and the other marked not

allowed.


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=935s

4. Reinforcement logic, defined

Reinforcement logic is the practice of merging your "do" and "don't" instructions into a single structure
built from paired states. For each thing you care about, you write two statements that are opposites of
each other, and you mark exactly one as permitted. The model now sees not just what you want, but the
boundary of what you want — the allowed state and the forbidden state, side by side, reinforcing the

same intention from both directions.

The session offers three metaphors for this, and they are worth keeping because they make the technique

memorable and quotable:

e The butterfly needs both wings to fly.® A single instruction is one wing. The pair is the whole
butterfly.

e No rowing with oars on only one side of the boat.” Push from one side only and you go in circles.

¢ Double-negative prompting — the half-joking technical name a participant coined for it on the spot.

The deeper logic is the logic of a good logic puzzle. Consider the classic grid puzzle: Maria, who did not sit
next to John, is allergic to bees. From that you are meant to deduce that she did not go to the meadow —
where there might be bees — but went to the aquarium, where there are none. The puzzle is solvable not
because of any single clue but because the clues constrain each other. You arrive at the answer from the
interaction of what is true and what cannot be true at the same time. Reinforcement logic applies that
same structure to a writing instruction: you define the state you want and the mutually exclusive state you
forbid, and the tension between them pins the model to your intent. The model is not left to interpret a

lonely "do this"; it is handed a pair of statements whose relationship removes the ambiguity.

An important practical note from the source: you do not have to write this as a literal stack of double
negatives if that scrambles your brain. The session's facilitator is candid that her own mind works in terms
of what is allowed — that genuine double-negatives are "too many negatives, and | don't know where I'm
at." Some people reason most cleanly in terms of what is permitted; some in terms of what is forbidden.
The method does not care which way your mind runs — only that both states are present and exactly

one is marked.


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=5860s
https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=5868s

5. The permissibility-checklist format

Here is the reusable template the session uses to operationalize reinforcement logic. It is a checklist with

a single governing rule:
The following is permissible unless it has an [X] beside it.

Under that rule you place your paired statements. Mark the forbidden one with [X] ; leave the allowed
one open. Because the two statements are genuine opposites, marking one automatically communicates
the other® — which is the reinforcement. To change the behavior, you flip a single [X] rather than
rewriting prose. (A formatting aside from the session: the visual spacing of the checklist is purely for

human readability. The model reads it fine "all gobbled up together"; the indentation is for you, not for it.)

A worked pair from the session, built around a rookie-driver scene, makes the contrast concrete. The two

statements are deliberate opposites about how the scene should treat its setting:

[ 1 You should be unexpected and unique in describing the scenario so the reader feels that the
characters are a unique experience. [X] You should describe a typical situation for the writing
prompt so readers will not say that the author doesn't know anything about the setting or

circumstance.

Read carefully, these are two different writing philosophies, not two phrasings of one. The first asks for
freshness and singularity — immersion through a character who feels like a unique experience. The
second asks for genre-typical grounding — enough familiar detail that the reader trusts the author knows
the world. Both are legitimate; they serve different books. The point of the checklist is that you choose,

explicitly, and the model is told both what to do and what that choice rules out.


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=6011s

6. Methodology

Because this paper's central claims rest on a live experiment, the conditions of that experiment matter.

They are reproduced here so a reader can replicate the results and judge them.

Tool and controls. The runs were performed in ChatGPT, with memory turned off and inside a temporary
chat. This combination matters more than authors usually appreciate. A standard chat session
accumulates context — prior conversations, stored memories, the model's growing model of you — all of
which silently biases output. Turning memory off and using a temporary chat strips that away, so the
variable under test (the checklist marker) is as close to the only changing factor as a consumer tool allows.
The facilitator is explicit that this is also why prompts that work beautifully for their author often
underperform for everyone else: when people say they've trained their Al to write like them, what really
happened is there's so much history there that it's starting to recognize their patterns. Remove the history

and you remove the thumb on the scale.

Acknowledged limitations. ChatGPT is, in the facilitator's own words, not a clean prompting area— a
consumer interface may carry backdoor system prompting that an API call would avoid. A cleaner test
would run closer to the API. The single-tool design is therefore a demonstration, not a controlled trial: it
shows the mechanism clearly enough to teach it, while remaining honest that output varies run to run and
that some variation is noise. As one participant noted, even with no changes to a prompt the model will
produce different prose each time; there will be strong similarities, but not identity. The claims below
should be read as robust, repeatable tendencies, confirmed across repeated testing — not as

deterministic guarantees.

Design. A single prompt — a roughly 1,000-word motorsports-romance scene, a rookie driver named
Kenji Tanaka interviewed at his first race — was held constant. Only the permissibility checklist appended
to it was changed, across three conditions described next. Using a name already established in earlier runs
meant the audience had a baseline: they knew what the model produced with no rules at all, so each rule's

effect was legible against that baseline.



7. The experiment: three conditions, one prompt

The power of reinforcement logic is easiest to see when the same prompt is run under three settings of a

single paired rule.

Condition A — allow "unexpected and unique" ( [X] on "typical"). With the typical-situation line

forbidden and the unexpected/unique line permitted, the model opened:

"The car came back breathing heat.”® Kenji Tanaka stood in the narrow strip of shade cast by the
timing tower, helmet under his arm, sweat cooling into a fine grit on his neck. The track still rang
inside him... A woman slid into his periphery without raising her voice. ‘Kenji Tanaka,' she said, not
asking... 'How does it feel now that the car's talked back to you?''It argued. We're still negotiating

terms."”

Distinctive imagery, restraint, a reporter with presence, dialogue with wit. The facilitator's verdict: / /ike

this better.

Condition B — allow "typical situation" ( [X] on "unexpected"). Flip the marker. Now genre-grounding

is permitted and singularity is forbidden. The model opened:

"The media pen sat just beyond pit lane®, cordoned off by waist-high barriers and a tangle of
broadcast cables that snaked across the concrete. Engines idled in the distance, a low constant

thrum that vibrated through Kenji Tanaka's chest even now that he was out of the car...”

Heavier, more expository, leaning on familiar paddock detail — too much telling, in the room's judgment.
But note: this is the method working, not failing. That genre-grounded register is exactly what some
categories want. The session named them on the spot — historical fiction, Jane Austen fan fiction —

genres where a reader needs to trust that the author knows the world. Condition B is a dial setting, not a

defect.

Condition C — allow both (no [X] anywhere). Now remove every marker, permitting the model to be

unexpected and typical at once. The prediction was a mess, and the result delivered:


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=6461s
https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=6336s

" .the gasoline. He'd grown up with that soaked into his childhood like incense''... The track waits.

The story is about to start.”

The room recoiled. Present tense appeared from nowhere; metaphors turned strange ("childhood like
incense"); the prose collapsed into cliché dressed up as profundity. The facilitator's diagnosis is the key
teaching of the whole experiment: when you ask the Al to be unique but expected, you get clichéd
sentences with strange metaphors. Asking for both at once is not twice as good; it is the worst of both
— because the two goals are genuinely opposed, and leaving both unmarked tells the model nothing. The

contradiction does not cancel out. It curdles.

Condition C is the proof of the thesis. A paired rule is not decorative. The act of marking exactly one side
is what gives the model a coherent target. Mark one and you get fresh prose or grounded prose, on
demand. Mark neither — the natural result of the old "keep a do-list and a don't-list separately" habit —

and you get the incoherent average. For the love of all things, put an X.

8. The failure reinforcement logic fixes

A second, more familiar defect shows why one-directional instructions are not enough. Anyone who has

edited Al dialogue has seen the model over-insert character names:

"April, | want you to go to the kitchen with me." "Elizabeth, you want me to join you in the kitchen?

Whatever for?" "April, we need to do the lemonade.”

Real people in one continuous conversation do not address each other by name in every line. Older
models did this constantly; it is one of the tells of machine-written dialogue. (It pairs with a related quirk:
name a character alongside a prop — "lemonade with April" — and the model will keep doing Apri/and

lemonade together regardless of scene logic.)

The naive fix is a hard rule: never say the character's name in dialogue you're addressing. But a flat

prohibition is brittle, and worse, it is presumptuous. What about the author whose scene genuinely needs


https://www.youtube.com/watch?v=8ntPSbaZ6a8&t=6360s

a name in the line — for emphasis, for a power move, for a child being scolded? A one-directional ban

serves the common case and sabotages the exception.

Reinforcement logic handles this gracefully. You encode the intention as a pair — direct address in
dialogue is permitted only when it carries dramatic weight against routine name-dropping in back-and-
forth dialogue is not permitted — and mark the forbidden side. The model now understands the boundary
rather than obeying a blanket order, and the author who needs the exception simply flips the marker for

that scene. The control stays with the author, which is the entire ethical point of Section 10.

9. Building your own logic statements

To convert your existing style notes into reinforcement logic, work in three passes.

First, inventory the patterns you fight. List the specific behaviors the model defaults to that you don't
want — over-naming in dialogue, excessive exposition, purple metaphor, whatever recurs. These are the
patterns you will write constraints against. The session's method for surfacing them is simply experience:
the more you go, the more you'll start to see the things you don't like about it. Keep a running list as you
edit.

Second, write each as a genuine pair. For every item, draft the allowed state and its true opposite. Resist
the temptation to write a vague negation. "No exposition” fails, because some exposition is necessary —
the session tests this and confirms it breaks the model's brain. The useful pair contrasts genre-typical
grounding with lean, scene-forward specificity, and lets you pick. Make the two sides mutually exclusive

and concrete.

Third, mark and house the checklist. Apply the [X] rule, then store the whole set as a governing block —
an addendum to your style sheet or your master prompt document — so it travels with every generation
and you change behavior by toggling markers, not by rewriting. Keep one intention per pair; if a statement

is doing two jobs, split it.

A caution the methodology already raised bears repeating as practice: a single run is noisy. Output varies
even with an identical prompt, and consumer interfaces carry hidden context. Test your pairs in clean
conditions — memory off, temporary chat — and, where you can, compare the same pair across more
than one model before you trust a conclusion. Reinforcement logic makes your intent legible to the model;

disciplined evaluation is still what tells you whether the model obeyed.



10. Objections and responses

"Isn't this just positive prompting with extra steps?” No. Positive prompting supplies one wing — the
allowed state alone. Reinforcement logic supplies both the allowed state and its marked opposite.
Condition C above is the empirical answer to this objection: when both sides are present but neither is
marked, the output degrades, which means the marking — the explicit exclusion — is doing real work that

a positive instruction alone does not do.

"The output varies every time, so how can you attribute anything to the rule?” Granted that variation
exists; the session says so plainly. The claim is not that a marker produces an identical scene every run, but
that it produces a reliable tendency — fresh prose under one setting, grounded prose under the other,
incoherence under neither — confirmed across repeated testing. Tendencies, not determinism, are what

authors actually need to steer a draft.

"Why not just hard-code the good rules into the tool?" Because no single rule is good for every genre,
and a rule the author cannot see is a rule the author cannot override. This is the subject of the next

section, and it is the deepest reason the method is built the way it is.

"This sounds like a lot of overhead for a scene.” The checklist is built once and reused. After the initial
inventory, steering a scene costs one keystroke: move an [X] . Compared with re-editing the same

defects out of every chapter by hand, it is the cheaper path, not the dearer one.

11. Why transparency is non-negotiable

There is a design lesson hiding inside the dialogue-name example, and it generalizes. If a tool-builder hard-
codes a rule on the back end — never put a character's name in dialogue — then every author using that
tool inherits a constraint they cannot see and cannot override, even when their book needs the opposite.
The author with a legitimate exception is simply told, in effect, too bad. The session makes this concrete
with genre: the typical-situation setting that ruins a contemporary romance is exactly right for historical
fiction. This is why you don't want to hard-code this stuff — because people write different genres, and

no buried rule serves all of them.



Reinforcement logic is the alternative that keeps authorship where it belongs. By expressing constraints
as visible, toggleable allowed/not-allowed pairs rather than buried prohibitions, it puts the decision in the
author's hands for every scene. This is why prompting should be transparent: a constraint you can see is a
constraint you can flip; a constraint hidden in someone else's engine is a constraint that quietly writes
your book for you. The method in this paper is, finally, an argument for that transparency — control made

explicit, and handed back to the writer.

12. Conclusion

The advice to avoid negative prompting was right once and is wrong now, and the gap between those two
facts is exactly where authors are losing capability. Modern models can hold layered constraint; what they
need from you is not a one-sided "don't," but a fully formed intention — both wings of the butterfly.
Reinforcement logic supplies that: paired allowed/not-allowed states, marked with a single [X],
reinforcing one intent from both directions and leaving every choice visible and reversible in your hands.
The three-condition experiment proves the stakes — mark one side and the model writes the book you
meant; mark neither and it writes the most probable mess. Constraint, expressed this way, is not a cage. It

is the instrument of creative control.

Appendix — Reinforcement Logic Quick Reference

The rule. The following is permissible unless it has an [X] beside it.
The unit. One intention = one pair of opposite statements; mark the forbidden side with [X] .

Template.

The following is permissible unless it has an [X] beside it:

[ 1 <the writing behavior you WANT>

[X] <the genuine opposite you are FORBIDDING>




Worked pair (setting register).

[ 1 Be unexpected and unique so the characters feel like a singular experience.

[X] Describe a typical situation so readers trust the author knows the setting.

Worked pair (dialogue address).

[ 1 Use a character's name in dialogue only when it carries dramatic weight.

[X] Use character names in routine back-and-forth dialogue.

The three conditions, summarized.

MARKER PLACEMENT WHAT THE MODEL IS TOLD RESULT

[X] on "typical" Be unexpected and unique Fresh, restrained, distinctive prose

[X] on "unexpected" Be genre-typical Grounded, expository prose (right for historical, etc.)
No [X] Be both at once Worst of both — clichés with strange metaphors

Do. Write true opposites - one intent per pair - test memory-off / temporary chat - store as a toggleable

block. Don't. Write vague negations ("no exposition") - stack confusing real double-negatives - leave both

sides unmarked - bury constraints where the author can't flip them.

All experimental observations derive from the live Future Fiction Academy session "Prompt Engineering IS

Back!" Model behaviors are illustrative tendencies and may vary by model, version, and run conditions.

Sources & Timestamps

All quotations and figures derive from the live Future Fiction Academy session Prompt Engineering IS

Back!and its companion notes. Video timestamps below link to the exact moment; the companion page

hosts the token tables and full worked examples.



1. "How many of you avoid negative prompting like the plague because it doesn't work?” —
00:13:05.994

2."You have to tell the Al what it can't do. Constraint.” — 00:15:02.533

3. “Constraint is the key to creativity.” — 00:15:35.330

4. "The quick brown ___" — pattern completion vs. the SNL-skit constraint demo. — 00:16:22.980
5. "Because the models changed... they changed.” Why the old reflex is obsolete. — 01:32:23.546
6. "The butterfly needs both wings to fly.” — 01:37:40.947

7."No rowing with oars on only one side of the boat.” — 01:37:48.792

8. The permissibility checklist: “the following is permissible unless it has an [X] beside it.” Template on
Notion.— 01:40:11.332

9. Condition B output (genre-typical / “too much telling”). — 01:45:36.247
10. Condition A output (unexpected/unique — “I like this better”). — 01:47:41.512

11. Condition C output (both rules unmarked — the “worst of both”). — 01:46:00.000

Primary video: Prompt Engineering IS Back! — full session

Companion notes: Notion page

ai.elizabethannwest.com Future Fiction Academy
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